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How Much Data? 
•  There are 333,332 files on the ftp site 
•  There are 367T of data on the ftp site 
•  There are 26 populations 
•  There are 2,208 samples 
•  There are 51,913 gigabases of low coverage 

sequence 
•  18877x coverage in low coverage 
•  There are 23,860 gigabases of exome 

sequence 



Access 



Access 
•  Website 

•  http://www.1000genomes.org 

•  Two mirrored ftp sites 
•  ftp://ftp.1000genomes.ebi.ac.uk/vol1/ftp 
•  ftp://ftp-trace.ncbi.nih.gov/1000genomes/ftp 

•  NCBI site is direct mirror of EBI site 
•  Can be up to 24 hours out of date 
•  Both also accessible using aspera 

•  http://asperasoft.com/ 

•  EBI site has http mirror 
•  http://ftp.1000genomes.ebi.ac.uk/vol1/ftp 

•  Amazon Cloud public data set 
 



Website http://www.1000genomes.org 
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ARTICLE
doi:10.1038/nature11632

An integrated map of genetic variation
from 1,092 human genomes
The 1000 Genomes Project Consortium*

By characterizing the geographic and functional spectrum of human genetic variation, the 1000 Genomes Project aims to
build a resource to help to understand the genetic contribution to disease. Here we describe the genomes of 1,092
individuals from 14 populations, constructed using a combination of low-coverage whole-genome and exome
sequencing. By developing methods to integrate information across several algorithms and diverse data sources, we
provide a validated haplotype map of 38 million single nucleotide polymorphisms, 1.4 million short insertions and
deletions, and more than 14,000 larger deletions. We show that individuals from different populations carry different
profiles of rare and common variants, and that low-frequency variants show substantial geographic differentiation,
which is further increased by the action of purifying selection. We show that evolutionary conservation and coding
consequence are key determinants of the strength of purifying selection, that rare-variant load varies substantially
across biological pathways, and that each individual contains hundreds of rare non-coding variants at conserved sites,
such as motif-disrupting changes in transcription-factor-binding sites. This resource, which captures up to 98% of
accessible single nucleotide polymorphisms at a frequency of 1% in related populations, enables analysis of common and
low-frequency variants in individuals from diverse, including admixed, populations.

Recent efforts to map human genetic variation by sequencing exomes1

and whole genomes2–4 have characterized the vast majority of com-
mon single nucleotide polymorphisms (SNPs) and many structural
variants across the genome. However, although more than 95% of
common (.5% frequency) variants were discovered in the pilot phase
of the 1000 Genomes Project, lower-frequency variants, particularly
those outside the coding exome, remain poorly characterized. Low-fre-
quency variants are enriched for potentially functional mutations, for
example, protein-changing variants, under weak purifying selection1,5,6.
Furthermore, because low-frequency variants tend to be recent in
origin, they exhibit increased levels of population differentiation6–8.
Characterizing such variants, for both point mutations and struc-
tural changes, across a range of populations is thus likely to identify
many variants of functional importance and is crucial for interpreting

individual genome sequences, to help separate shared variants from
those private to families, for example.

We now report on the genomes of 1,092 individuals sampled from
14 populations drawn from Europe, East Asia, sub-Saharan Africa
and the Americas (Supplementary Figs 1 and 2), analysed through a
combination of low-coverage (2–63) whole-genome sequence data,
targeted deep (50–1003) exome sequence data and dense SNP geno-
type data (Table 1 and Supplementary Tables 1–3). This design was
shown by the pilot phase2 to be powerful and cost-effective in dis-
covering and genotyping all but the rarest SNP and short insertion
and deletion (indel) variants. Here, the approach was augmented with
statistical methods for selecting higher quality variant calls from can-
didates obtained using multiple algorithms, and to integrate SNP,
indel and larger structural variants within a single framework (see

Table 1 | Summary of 1000 Genomes Project phase I data
Autosomes Chromosome X GENCODE regions*

Samples 1,092 1,092 1,092
Total raw bases (Gb) 19,049 804 327
Mean mapped depth (3) 5.1 3.9 80.3
SNPs

No. sites overall 36.7 M 1.3 M 498 K
Novelty rate{ 58% 77% 50%
No. synonymous/non-synonymous/nonsense NA 4.7/6.5/0.097 K 199/293/6.3 K
Average no. SNPs per sample 3.60 M 105 K 24.0 K

Indels
No. sites overall 1.38 M 59 K 1,867
Novelty rate{ 62% 73% 54%
No. inframe/frameshift NA 19/14 719/1,066
Average no. indels per sample 344 K 13 K 440

Genotyped large deletions
No. sites overall 13.8 K 432 847
Novelty rate{ 54% 54% 50%
Average no. variants per sample 717 26 39

NA, not applicable.
*Autosomal genes only.
{Compared with dbSNP release 135 (Oct 2011), excluding contribution from phase I 1000 Genomes Project (or equivalent data for large deletions).

*Lists of participants and their affiliations appear at the end of the paper.
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Sequence analysis

The Sequence Alignment/Map format and SAMtools
Heng Li1,†, Bob Handsaker2,†, Alec Wysoker2, Tim Fennell2, Jue Ruan3, Nils Homer4,
Gabor Marth5, Goncalo Abecasis6, Richard Durbin1,∗ and 1000 Genome Project Data
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Received on April 28, 2009; revised on May 28, 2009; accepted on May 30, 2009

Advance Access publication June 8, 2009

Associate Editor: Alfonso Valencia

ABSTRACT
Summary: The Sequence Alignment/Map (SAM) format is a generic
alignment format for storing read alignments against reference
sequences, supporting short and long reads (up to 128 Mbp)
produced by different sequencing platforms. It is flexible in style,
compact in size, efficient in random access and is the format in which
alignments from the 1000 Genomes Project are released. SAMtools
implements various utilities for post-processing alignments in the
SAM format, such as indexing, variant caller and alignment viewer,
and thus provides universal tools for processing read alignments.
Availability: http://samtools.sourceforge.net
Contact: rd@sanger.ac.uk

1 INTRODUCTION
With the advent of novel sequencing technologies such as
Illumina/Solexa, AB/SOLiD and Roche/454 (Mardis, 2008), a
variety of new alignment tools (Langmead et al., 2009; Li et al.,
2008) have been designed to realize efficient read mapping against
large reference sequences, including the human genome. These tools
generate alignments in different formats, however, complicating
downstream processing. A common alignment format that supports
all sequence types and aligners creates a well-defined interface
between alignment and downstream analyses, including variant
detection, genotyping and assembly.

The Sequence Alignment/Map (SAM) format is designed to
achieve this goal. It supports single- and paired-end reads and
combining reads of different types, including color space reads from
AB/SOLiD. It is designed to scale to alignment sets of 1011 or more
base pairs, which is typical for the deep resequencing of one human
individual.

In this article, we present an overview of the SAM format and
briefly introduce the companion SAMtools software package. A
detailed format specification and the complete documentation of
SAMtools are available at the SAMtools web site.

∗To whom correspondence should be addressed.
†The authors wish it to be known that, in their opinion, the first two authors
should be regarded as Joint First Authors.

2 METHODS

2.1 The SAM format
2.1.1 Overview of the SAM format The SAM format consists of one
header section and one alignment section. The lines in the header section
start with character ‘@’, and lines in the alignment section do not. All lines
are TAB delimited. An example is shown in Figure 1b.

In SAM, each alignment line has 11 mandatory fields and a variable
number of optional fields. The mandatory fields are briefly described in
Table 1. They must be present but their value can be a ‘*’or a zero (depending
on the field) if the corresponding information is unavailable. The optional
fields are presented as key-value pairs in the format of TAG:TYPE:VALUE.
They store extra information from the platform or aligner. For example, the
‘RG’ tag keeps the ‘read group’ information for each read. In combination
with the ‘@RG’ header lines, this tag allows each read to be labeled with
metadata about its origin, sequencing center and library. The SAM format
specification gives a detailed description of each field and the predefined
TAGs.

2.1.2 Extended CIGAR The standard CIGAR description of pairwise
alignment defines three operations: ‘M’ for match/mismatch, ‘I’ for insertion
compared with the reference and ‘D’ for deletion. The extended CIGAR
proposed in SAM added four more operations: ‘N’ for skipped bases on
the reference, ‘S’ for soft clipping, ‘H’ for hard clipping and ‘P’ for padding.
These support splicing, clipping, multi-part and padded alignments. Figure 1
shows examples of CIGAR strings for different types of alignments.

2.1.3 Binary Alignment/Map format To improve the performance, we
designed a companion format Binary Alignment/Map (BAM), which is the
binary representation of SAM and keeps exactly the same information as
SAM. BAM is compressed by the BGZF library, a generic library developed
by us to achieve fast random access in a zlib-compatible compressed file.
An example alignment of 112 Gbp of Illumina GA data requires 116 GB of
disk space (1.0 byte per input base), including sequences, base qualities and
all the meta information generated by MAQ. Most of this space is used to
store the base qualities.

2.1.4 Sorting and indexing A SAM/BAM file can be unsorted, but sorting
by coordinate is used to streamline data processing and to avoid loading
extra alignments into memory. A position-sorted BAM file can be indexed.
We combine the UCSC binning scheme (Kent et al., 2002) and simple
linear indexing to achieve fast random retrieval of alignments overlapping a

© 2009 The Author(s)
This is an Open Access article distributed under the terms of the Creative Commons Attribution Non-Commercial License (http://creativecommons.org/licenses/
by-nc/2.0/uk/) which permits unrestricted non-commercial use, distribution, and reproduction in any medium, provided the original work is properly cited.
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The variant call format and VCFtools
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Mark A. DePristo4, Robert E. Handsaker4, Gerton Lunter2, Gabor T. Marth5,
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ABSTRACT
Summary: The variant call format (VCF) is a generic format for
storing DNA polymorphism data such as SNPs, insertions, deletions
and structural variants, together with rich annotations. VCF is usually
stored in a compressed manner and can be indexed for fast data
retrieval of variants from a range of positions on the reference
genome. The format was developed for the 1000 Genomes Project,
and has also been adopted by other projects such as UK10K,
dbSNP and the NHLBI Exome Project. VCFtools is a software suite
that implements various utilities for processing VCF files, including
validation, merging, comparing and also provides a general Perl API.
Availability: http://vcftools.sourceforge.net
Contact: rd@sanger.ac.uk

Received on October 28, 2010; revised on May 4, 2011; accepted
on May 28, 2011

1 INTRODUCTION
One of the main uses of next-generation sequencing is to discover
variation among large populations of related samples. Recently,
a format for storing next-generation read alignments has been
standardized by the SAM/BAM file format specification (Li et al.,
2009). This has significantly improved the interoperability of next-
generation tools for alignment, visualization and variant calling. We
propose the variant call format (VCF) as a standardized format for
storing the most prevalent types of sequence variation, including
SNPs, indels and larger structural variants, together with rich
annotations. The format was developed with the primary intention
to represent human genetic variation, but its use is not restricted
to diploid genomes and can be used in different contexts as well.
Its flexibility and user extensibility allows representation of a wide
variety of genomic variation with respect to a single reference
sequence.

∗To whom correspondence should be addressed.
†The authors wish it to be known that, in their opinion, the first two authors
should be regarded as joint First Authors.
‡http://www.1000genomes.org

Although generic feature format (GFF) has recently been extended
to standardize storage of variant information in genome variant
format (GVF) (Reese et al., 2010), this is not tailored for storing
information across many samples. We have designed the VCF
format to be scalable so as to encompass millions of sites with
genotype data and annotations from thousands of samples. We have
adopted a textual encoding, with complementary indexing, to allow
easy generation of the files while maintaining fast data access.
In this article, we present an overview of the VCF and briefly
introduce the companion VCFtools software package. A detailed
format specification and the complete documentation of VCFtools
are available at the VCFtools web site.

2 METHODS

2.1 The VCF
2.1.1 Overview of the VCF A VCF file (Fig. 1a) consists of a header
section and a data section. The header contains an arbitrary number of meta-
information lines, each starting with characters ‘##’, and a TAB delimited
field definition line, starting with a single ‘#’character. The meta-information
header lines provide a standardized description of tags and annotations used
in the data section. The use of meta-information allows the information
stored within a VCF file to be tailored to the dataset in question. It can
be also used to provide information about the means of file creation, date
of creation, version of the reference sequence, software used and any other
information relevant to the history of the file. The field definition line names
eight mandatory columns, corresponding to data columns representing the
chromosome (CHROM), a 1-based position of the start of the variant (POS),
unique identifiers of the variant (ID), the reference allele (REF), a comma
separated list of alternate non-reference alleles (ALT), a phred-scaled quality
score (QUAL), site filtering information (FILTER) and a semicolon separated
list of additional, user extensible annotation (INFO). In addition, if samples
are present in the file, the mandatory header columns are followed by a
FORMAT column and an arbitrary number of sample IDs that define the
samples included in the VCF file. The FORMAT column is used to define
the information contained within each subsequent genotype column, which
consists of a colon separated list of fields. For example, the FORMAT field
GT:GQ:DP in the fourth data entry of Figure 1a indicates that the subsequent
entries contain information regarding the genotype, genotype quality and
read depth for each sample. All data lines are TAB delimited and the number
of fields in each data line must match the number of fields in the header line.
It is strongly recommended that all annotation tags used are declared in the
VCF header section.

© The Author(s) 2011. Published by Oxford University Press.
This is an Open Access article distributed under the terms of the Creative Commons Attribution Non-Commercial License (http://creativecommons.org/licenses/
by-nc/2.5), which permits unrestricted non-commercial use, distribution, and reproduction in any medium, provided the original work is properly cited.
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Tabix: fast retrieval of sequence features from generic
TAB-delimited files
Heng Li
Program in Medical Population Genetics, The Broad Institute of Harvard and MIT, Cambridge, MA 02142, USA
Associate Editor: Dmitrij Frishman

ABSTRACT
Summary: Tabix is the first generic tool that indexes position sorted
files in TAB-delimited formats such as GFF, BED, PSL, SAM and
SQL export, and quickly retrieves features overlapping specified
regions. Tabix features include few seek function calls per query, data
compression with gzip compatibility and direct FTP/HTTP access.
Tabix is implemented as a free command-line tool as well as a library
in C, Java, Perl and Python. It is particularly useful for manually
examining local genomic features on the command line and enables
genome viewers to support huge data files and remote custom tracks
over networks.
Availability and Implementation: http://samtools.sourceforge.net.
Contact: hengli@broadinstitute.org

Received on October 14, 2010; revised and accepted on December
1, 2010

1 INTRODUCTION
When we examine local genomic features on the command line
or via a genome viewer, we frequently need to perform interval
queries, retrieving features overlapping specified regions. We may
read through the entire data file if we only perform interval queries
a few times, or preload the file in memory if interval queries are
frequently performed (e.g. by genome viewers). However, reading
the entire file makes both strategies inefficient given huge datasets.
A solution to the efficiency problem is to build a database for the
data file (Kent et al., 2002; Stein et al., 2002), but this is not
optimal, either, because generic database indexing algorithms are
not specialized for biological data (Alekseyenko and Lee, 2007). The
technical complexity of setting up databases and designing schemas
also hampers the adoption of the database approach for an average
end user.

Under the circumstances, a few specialized binary formats
including bigBed/bigWig (Kent et al., 2010) and BAM (Li et al.,
2009) have been developed very recently to achieve efficient random
access to huge datasets while supporting data compression and
remote file access, which greatly helps routine data processing and
data visualization. At present, these advanced indexing techniques
are only applied to BED, Wiggle and BAM. Nonetheless, as most
TAB-delimited biological data formats (e.g. PSL, GFF, SAM, VCF
and many UCSC database dumps) contain chromosomal positions,
one can imagine that a generic tool that indexes for all these formats
is feasible. And this tool is Tabix. In this article, I will explain the
technical advances in Tabix indexing, describe the algorithm and
evaluate its performance on biological data.

2 METHODS
Tabix indexing is a generalization of BAM indexing for generic TAB-
delimited files. It inherits all the advantages of BAM indexing, including
data compression and efficient random access in terms of few seek function
calls per query.

2.1 Sorting and BGZF compression
Before being indexed, the data file needs to be sorted first by sequence name
and then by leftmost coordinate, which can be done with the standard Unix
sort. The sorted file should then be compressed with the bgzip program
that comes with the Tabix package. Bgzip compresses the data file in the
BGZF format, which is the concatenation of a series of gzip blocks with each
block holding at most 216 bytes of uncompressed data. In the compressed
file, each uncompressed byte in the text data file is assigned a unique 64-bit
virtual file offset where the higher 48 bits keep the real file offset of the start
of the gzip block the byte falls in, and the lower 16 bits store the offset of
the byte inside the gzip block. Given a virtual file offset, one can directly
seek to the start of the gzip block using the higher 48 bits, decompress
the block and retrieve the byte pointed by the lower 16 bits of the virtual
offset. Random access can thus be achieved without the help of additional
index structures. As gzip works with concatenated gzip files, it can also
seamlessly decompress a BGZF file. The detailed description of the BGZF
format is described in the SAM specification.

2.2 Coupled binning and linear indices
Tabix builds two types of indices for a data file: a binning index and a
linear index. We can actually achieve fast retrieval with only one of them.
However, using the binning index alone may incur many unnecessary seek
calls, while using the linear index alone has bad worst-case performance
(when some records span very long distances). Using them together avoids
their weakness.

2.2.1 The binning index The basic idea of binning is to cluster records
into large intervals, called bins. A record is assigned to bin k if k is the bin
of the smallest size that fully contains the record. For each bin, we keep
in the index file the virtual file offsets of all records assigned to the bin.
When we search for records overlapping a query interval, we first collect
bins overlapping the interval and then test each record in the collected bins
for overlaps.

In principle, bins can be selected freely as long as each record can be
assigned to a bin. In the Tabix binning index, we adopt a multilevel binning
scheme where bins at same level are non-overlapping and of the same size. In
Tabix, each bin k, 0≤k ≤37449, represents a half-close-half-open interval
[(k−ol)sl,(k−ol +1)sl), where l=#log2(7k+1)/3$ is the level of the bin,
sl =229−3l is the size of the bin at level l and ol = (23l −1)/7 is the offset at l.
In this scheme, bin 0 spans 512 Mb, 1–8 span 64 Mb, 9–72 8 Mb, 73–584
1 Mb, 585–4680 128 kb and 4681–37449 span 16 kb intervals. The scheme
is very similar to the UCSC binning (Kent et al., 2002) except that in UCSC,
0≤k ≤4681 and therefore the smallest bin size is 128 kb.

718 © The Author 2011. Published by Oxford University Press. All rights reserved. For Permissions, please email: journals.permissions@oup.com
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BAM alignment files 

VCF variant files 

All indexed for fast retrieval 



Amazon ECS 

•  FTP site mirror 
•  AMI image for our tutorial 
•  Preconfigured mount in CloudBioLinux 
•  http://www.1000genomes.org/using-1000-

genomes-data-amazon-web-service-cloud 



Browser 



Browser - http://browser.1000genomes.org 



Transcript Tab: 
Variations 

Effect on Protein: 
•  SIFT 
•  PolyPhen 



Variation 



Tools 
•  Data Slicer 
•  Variant Effect Predictor 
•  Variation Pattern Finder 
•  VCF to PED converter 



Variant Effect Predictor 

•  Predicts Functional Consequences of Variants 
•  Both Web Front end and API script 
•  Can provide 

•  sift/polyphen/condel consequences 
•  Refseq gene names 
•  HGVS output 

•  Can run from a cache as well as Database 
•  Convert from one input format to another 
•  Script available for download from: 
•  ftp://ftp.ensembl.org/pub/misc-scripts/

Variant_effect_predictor/ 
•  http://browser.1000genomes.org/Homo_sapiens/

UserData/UploadVariations 
1
8 



Variant Effect Predictor 

1
9 



Variation Effect Predictor Output  

2
0 



Variation Pattern Finder   

•  http://browser.1000genomes.org/Homo_sapiens/
UserData/VariationsMapVCF 

•  VCF input 
•  Discovers patterns of Shared Inheritance 
•  Variants with functional consequences considered 
•  Web output with csv and excel downloads 





More Help 

•  http://www.1000genomes.org/using-1000-genomes-data 
•  ftp://ftp.1000genomes.ebi.ac.uk/vol1/ftp/technical/

browser/
1000genomes_browser_main_project_20110521/
The_1000_Genomes_Browser_Tutorial.ensembl_65.doc 

•  http://www.1000genomes.org/ashg-2012-poster 
•  http://www.1000genomes.org/faq 
•  Twitter @1000genomes.org 
•  1000announce@1000genomes.org 
•  info@1000genomes.org 
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info@1000genomes.org 


